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Commonly Asked Questions

1. Will | be able to get copies of the slides after the event?

2. Is this web seminar being taped so | or others can view

it after the fact? @

Continue the Conversation on Twitter: @spssglobal




> Predictive Advantage: Taking
Research to the Next Level

David Vergara
Director Product Marketing

Richard Solner
Senior Solutions Engineer




> Topics

@ Significance to Market Researchers
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»> Significance to Market Researchers

= Improve partnership with customers

= Capitalize on new market trends

= Leverage comprehensive workbench

= Maximize efficiencies throughout research process




> A Complete Predictive Analytics Offering

Key Aspects Of The Process

= Capture information
= Customers
= Employees
= Constituents

= Predict behavior and preferences
= Statistics for hypothesis testing
= Data Mining for research foresight
= Text Analytics for unstructured insight

= Act on results
= Efficiently deploy results

= Dramatically improve business
processes across your operations

© 2009 SPSS Inc. D




> The Power of Predictive Analytics-
Data Mining

There’s analytics...and analytics

= Core analytics/business intelligence
= Measure. Compare. Report. Study.
= “Rear-view mirror”
= Manually query your data

= Predictive analytics/data mining
= Algorithms automatically “learn” significant patterns |

= Models make predictions for current/new cases
= |[nsight delivered to drive better business decisions

© 2009 SPSS Inc. 8




> Data Mining — Fact or Fiction?

“Predictive Analytics doesn’t have a
whole lot to do with Market Research”

“Predictive Analytics is really no different than
Bl... they’'re both based on alook in the rear
view mirror”

“Data mining would add little perceived value to
MR customers... so why add another tool to the
toolbox”




> Data Mining - Dispelling Myths

= Predictive Analytics and Market Research

» The right data mining product streamlines and simplifies data management,
preparation and reporting

» Predictive Analytics vs. Business Intelligence

» Bl simply reports on data up to the time it's pulled
» Predictive Analytics uses an extensive pool of algorithms to predict what

will happen next

= Creating Value & Differentiating with Data Mining

» Customers increasingly want more actionable insight from all types of data
to help them solve business issues better

» Meeting this customer need makes the Market Researcher a more strategic
business partner




> Market Research — Current Issues

REPORTING & DATA
MANAGEMENT

DATA QUALITY

INTEGRATING
UNSTRUCTURED DATA




> Reporting & Data Management

Data Mining with Collaboration & Deployment Services

= Customer portal to facilitate quick
access to all data

= Dashboard visualization of data

= Analytical tools available through the
portal-post results back to repository

= Collaborate with other analysts;
Share data/results




> Sample Customer Portal
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> Data Analysis - Portal
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> Data Preview - Portal
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> Data Export - Portal
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> Data Export Sample
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> Data Analysis - Portal
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> Data Quality
Leveraging a Single Workbench

= Comprehensive data mining applications work
with all data sources

= Contain the necessary tools to extract,
transform/merge and analyze disparate data

sets

= [dentify data quality issues and automate fixes




> Complete Workbench
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> Data Sources & Preview
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> Data Merge & Preview
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Data Merge - Fields

Stream1* - PASW® Modeler 13
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> Data Audit SPSS

@ Data Audit of [7 fields] M=
(ZEile  © Edit  {) Generate @EF‘M j]l] E| || |X|@[
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> Data Quality

r
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> Data Analysis & Modeling
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> Data — Variable

Importance
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> Data Analysis
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2> Integrating Unstructured Data

Comprehensive Data Mining Workbench

= Data mining workbench with integrated text
mining capabilities provides more complete
data and a substantial lift in model accuracy

= Sets foundation for future in market research;
Collecting data from websites, blogs, and other

Web 2.0

= Substantial lift in model accuracy




> Introduce Unstructured Data

Ed Stream1* - PASW® Modeler 13
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> Data — Customer Response Preview

Ll Preview from CustomerService Mode (2 fields. 25 records) #1

BE]

Eleile  Edit O Generate [l 2%/ 48 1| @]
] | Customer_Service |
1 11.0. Ifthere was not & desired vehicle available the reps explored all options including competitors to assistin finding an available vehicle. This level of | ||
2 18.0... The rental car guy was cute.
3 J6.0... Theywere idiots. The car had problems and they were unable to fix themm or provide a replacement without & (ot of hassle.
4 45.0... twas good, got the carwe wanted without much of & wait in picking up and dropping off
a 74.0.. nowait for pick up and drop offwas great, help with luggage, face to face directions to hotel, recommended entertainment far area.
B 23.0... I thought the representative handled the initial situation badly. The caompany was out of cars, with none coming in that day. Then the representativ...
v 140.... Evenyone was very helpful. The carwas ready for me ontime and | didnt have towait a long time at the caunter.
2 191.... what customer service
) 239, Budget. did not have the car Iwanted. uparaded me to 3 car | did not like and did notwant. it also got 152 the mileage as the car | had reserved, fo...
10 247 delayed shuttle, almost missed flight, bhad customer service
11 AT4a... adequate
12 398, sorely lacking
13 414, Personwery friendly but only persan warking counter
14 418, Avis, Houston, provided good service. twas easy to make on-line reservations, the airport bus took me directly and guickly to the car, gas tank fill...
15 442 .. They moved me in and out quickly. The shuttle driver drowve like a maniac.
16 473 wie dealt wery little with customer service, because we had Herz preferred customer card, and we only walked to the car assigned for us, and drive ..
17 438.... The car rental company that | went with had very good customer service. They were out of a certain carl reserned and gave me a upgrade and apal...
18 530.... Experience was fine, usually try to get vou to upgrade.
19 a60.... In Los Angeles check in toak quite warmen time, about 45 minutes to an haur. Several attendants butthe line was ahaout 20-25 deep. Check outw...
20 aav... lwould like them to be mare speedy. Also | would like the rental company to check the car for previous damage while | am standing there.
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Visualization of Relationships
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2> Visualization of Relationships
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> Combine Structured & Unstructured Data

Ed Stream1* - PASW® Modeler 13
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> Data — More Complete View

k5 Directed Web of Customer_Status x [35 Fields] : Absolute
(TEle 7 Edt O enerate fview @web =Link |8l P 1x<|@]
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> Data — More Complete Variables

u Customer_Status
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> Further Lift in Model Accuracy

Evaluation of [SC-Customer_Status $C1-Customer_Status] : Gains

[ZEile D Edit £ Generate < view §| =
sERlnES L
100 $C-Customer_Status
— §C1-Customer_Status
20
E0-
£
-]
[i]
E
40
20
o
T T T T i
0 20 40 &80 20 100
Percentile

Customer_Status = "Satisfied”

Graph | Annotations




> Market Research Trends

Addressing Today’s Issues & Tomorrows Requirements

Today:

= Comprehensive, Automated Workbench for Data
Management, Preparation and Reporting

Tomorrow:

= Leverage Web 2.0 / Unstructured Data; Utilize
dictive Analytics as a differentiator; Drive
ved partnership with customers




> Summary

= Complete Data Mining workbench streamlines
and automates data management and
preparation process; Better quality data, faster
with predictive differentiator

= Integration of unstructured data provides more
complete view, a lift in model accuracy and
means to effectively leverage Web 2.0 .

= Predictive Analytics/Data Mining adds real
value to Market Researchers!

© 2009 SPSS Inc.




> More Information

= Data Mining:
PASW Modeler
http://www.spss.com/
software/modeling/

= Product questions?
Call SPSS at
1-800-543-2185 or

sales@spss.com

© 2009 SPSS Inc.
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> Questions I=
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marketingpower

Thank you for your Participation!

To replay this webcast:
www.marketingpower.com/webcasts

You can find us on:
facebook: SPSS Inc

twitter: @SPSSGlobal
linkedIn: SPSS user group

Questions for the AMA:
acarbonara@ama.orqg

If you'd like to receive the AMA’s monthly Media Digest containing information about upcoming webcasts, radio shows and
podcasts, email emedia@ama.org to subscribe.

Join us every week for our Marketing Thought Leader Webcasts!




